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Abstract: Automatic Persian text recognition has always been challenging
due to the unique characteristics of the Persian script, including its
connected structure, the high visual similarity between letters, and the
significant variation in the shape of letters depending on their position
within a word. The aim of this research is to develop an optical character
recognition (OCR) model capable of converting Persian printed and
scientific documents, including theses, articles, and books, into editable
texts. Such a model is essential for tasks like labeling, indexing, and
information retrieval in databases. This paper proposes a hybrid approach
based on deep learning architectures for Persian text recognition. In
this method, convolutional neural networks (CNNs) are used for feature
extraction and recurrent neural networks (RNNs) for word recognition. The
main advantage of this model is its ability to directly recognize Persian
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1. portable document format (PDF)
2. optical character recognition (OCR)
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1. filter

2. pixel

3. convolution neural network (CNN)
4. recurrent neural network (RNN)
5. transformers
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1. histogram of oriented gradients (HOG)

2. Gabor filter (GF)

3. local binary pattern (LBP)

4. k-nearest neighbors (KNN)

5. convolutional recurrent neural networks (CRNN)
6. long short-term memory (LSTM)
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2. transformer
3. token
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