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Abstract: Smart city technologies are an important element to
effectively manage the rapid industrialization of today’s world, as they
can help solve the economic and environmental problems caused
by the increase in urban population. Smart cities integrate traditional
infrastructure and public services with technology to create a more
efficient, sustainable and accessible system, while meeting the needs
of city residents and transforming the traditional understanding
of city management. Intelligent transportation systems, which are
key components of smart cities, have been developed to improve
transportation system safety, reduce environmental impacts, promote
sustainable transportation development, and increase productivity.
These systems provide modern solutions to transportation-related
problems, including traffic and accidents, and use data collected from
infrastructure, networks, and vehicles to help improve the efficiency of
the transportation system and ensure the safety of citizens. Intelligent
transportation system as an integrated transportation management
system, consisting of advanced communication, information processing
and traffic management technologies, can immediately process real-
time data collected from heterogeneous sources and analyze them to
facilitate effective decision-making. Machine vision is one of the most
prominent applied subfields of artificial intelligence, which enables
systems to extract meaningful information from digital images and
other visual inputs, as well as make decisions and act based on this
information. Machine vision, which uses deep neural networks based on
machine learning, provides solutions that can be used in the process of
automating transportation systems and increasing its safety level. It is
conceivable that autonomous vehicle architectures and intelligent traffic
management will dominate smart cities and transform transportation
systems, and in this regard, the development of machine vision
techniques will play an important role. In this article, the effectiveness of
deep learning methods based on machine vision in traffic management
applications, including automatic recognition and recognition of license
plates, recognition and identification of traffic signs, recognition and
classification of cars, recognition of pedestrians and recognition of road
lines, has been investigated. Research from different sources and the
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