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Predicting the financial distress of companies is very important;
Because the failure of the company brings many direct and indirect
costs to the beneficiaries. Therefore, the use of financial data to predict
the financial helplessness of companies has always been of interest to
creditors, shareholders and financial analysts. Timely and correct
assessment and prediction can help decision makers in finding the
optimal solution and preventing financial helplessness. Until now,
various models have been used to predict financial helplessness. The
patterns used in this field are very useful in the decisions of financial
market actors. It has always been tried to improve the accuracy of
prediction and evaluation of these patterns by using more advanced
methods. The statistical population of this research includes all
companies admitted to the Tehran Stock Exchange. The statistical
sample includes 54 financially helpless companies and 54 healthy
companies between the years 1990 and 1400, and in order to categorize
the companies into the two mentioned groups, the default of Article
141 of the Commercial Law was used. The results show that the
designed model has the ability to predict the occurrence of a financial
crisis in companies admitted to the stock exchange up to two years
before its occurrence. Also, the obtained results confirm the
improvement of the prediction of helpless companies by entering the
efficiency score into the models, but this improvement is not very
significant.
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