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0 occurs 305 times
1 occurs 2058 times
2 occurs 4774 times
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The train score is 0.9809073392888422
The test score is 0.9782913165266106
F1-score: 0.978463613626749



VFo¥ Hlen ¢ o509 olomy o5louds ¢ @m0 )l 090 ¢ Lo (collassl idlo awlilad

AF

precision recall fl-score support

0 0.96 1.00 0.98 68

1 0.94 0.99 0.96 364

2 1.00 0.97 0.98 996
accuracy 0.98 1428

macro avg 096 0.99 0.98 1428
weightedavg  0.98  0.98 0.98 1428

*hkhkhkhkhkhkhkhkhkkik l *khkkhkhkhkhkhkhkhkhkik

The train score is 0.976528288667017
The test score is 0.969187675070028
F1-score: 0.9693056770291216

precision recall fl-score support

0 0.96 1.00 0.98 78
1 0.93 0.96 0.95 399
2 0.99 0.97 0.98 951
accuracy 0.97 1428

macro avg 0.96 0.98 0.97 1428
weighted avg  0.97 0.97 0.97 1428

*hkhkhkhkkhkhkkkik 2 *khkkhkhkhkhkhkkkhk

The train score is 0.975831873905429
The test score is 0.9705676243868255
F1-score: 0.970791880245906

precision recall fl-score support

0 0.96 0.99 0.97 69
1 092 0.97 0.94 334
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2 099 0.97 0.98 1024

accuracy 0.97 1427
macro avg 096 0.98 0.97 1427
weighted avg 0.97 0.97 0.97 1427

*kkkkkhkkikkkik 3 *hkkhkkkihkhkkhkkik

The train score is 0.9802101576182136
The test score is 0.9789768745620182
F1-score: 0.9791779540144425

precision recall fl-score support
0 093 100 0096 74
1 094 100 097 350
2 100 0.97 098 1003
accuracy 0.98 1427
macroavg 0.95 0.99 0.97 1427
weightedavg 0.98 0.98 0.98 1427

*hhkhkhkhkhkhkkhkik 4 *khkkhkkhkhkhkhkhkhkhkhk

The train score is 0.9826619964973731
The test score is 0.979677645409951
F1-score: 0.979862988155395

precision recall fl-score support

0 099 100 0.99 74

1 093 099 096 348

2 100 097 099 1005
accuracy 0.98 1427
macroavg 0.97 099 098 1427
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weightedavg  0.98 098 0.98 1427

*k*k * % *kk

The average of TrainScore is: 0.9792279311953751
The average of TestScore is: 0.9753402271910867
The average of F1-score is: 0.9755204226143228
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1: F-score
2: Precision
3: Recall
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