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3. Derivatives
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1. Yimetal.

2. Mean Squared Erro
3. R-squared correlation
4. Gated Recurrent Unit
5. David Azarkh et al.
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. size of the company
.Dong, L, etal.

. De, S, etal.

. Jensen, M.C et al.

. Financial Leverage
. Albuquerque, R. hetal.
. Basu, N; et al.

. Harris, M et al.

. Operating cash flow
10. return on assets
11. Stock returns
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1. Returns Industry

2. market return

3. The volume of block transactions
4. Qingbin meng et al

5. institutional ownership

6. cash
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1. Cumulative daily stock returns(momentum)
2. Volatility

3. Lakshmi Bala, et al

4. Refk Selmi et al.

5. Book value to market value (Mbit)

6. Fama and French

7. Bsize
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1. Deep Neural Networks or DNNS (Deep Learning)

2. Generalized Autoregressive Conditional Heteroscedasticity.
3. Feedforward neural network

4. Deep Neural Network
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1. https://www.codal.ir
2. Excell
3. Python
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1. Convoltional

2. Relu / Rectifled linear Unit

3. Convolutional neural network convnet
4. Dense

5. Tanh Hyperbolic Tanget.

6. DropOut
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