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ox;(t)
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a (V) aayly weSao 5l oolatwl b lg5 o sl ;3 4 Y ol oo 0al Jloys slaosls Xin(t)

Cawloas plowl SIS 3YL L Jow ol g Jow pais

LSTM Jos sla yal,b ol clesdais Y Jouo

Number of hidden units in LSTM layer 370
LSTM layer activation function Tanh
Initial Learn Rate 0.005
Optimizer Adam
Loss function Mean_Absolute_Error
Epochs 400
Iteration per Epoch 8
Iteration 4800
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CEEMD- DL(LSTM) 1.184269 1.181812 1223.536958
DL(LSTM) 1.458807 1.471297 1479.580456
DL(CNN) 1.720297 1.736046 1770.9573
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