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*Multi-Layer Perceptron (MLP)
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*Multi-Layer Artificial Neural Networks
(MANN)



plem o33l Gt 53 (o Sl Sl aslizal L o e e iS5 3,855 b oS5 02508 5 S0 55 (Slaglin o)

TN JGMM&J(V)JL

Vs JMMW(V)J@

S5 e Ve e 4SS IS Ll (0) S

iokas DMl 6 e K L1 sl 55 p—'ﬂ.).af-“
(oS S s o0l plosl wBlbiole slaen S 51 S S5 e, S

FIS Gleds Coopat Lo -0 5 K3 bl oS ol gt
53S9 Sole 4l e sl b ol el el (ISl ek sla

ol i b cbsh ol (,.:,,_ijj\

35 .
Darvin

Yy



AT Dl B (gl o¥ 0333 Y 05lod i 55 Sy ks oorkige ok dlmen (028 oy oSl 51T K5

S eas b Sas e, SO
L & S e IS Ly 45 same
L) el s
FB sl 0 plres Jla]
sl Glelr 4 s 5585 5
(o)l 355 ol 5s
e > S gl S (Y
23 4 S o it Ll
e Sl S
S Ss5glaen, S (Y
Sl o5l s Sl
L oo 5l & oS e eslizd
S SaS sledib
Aol S5 slapn S (f
S aS e eslizad 1 bz
1y ks ael s
ol 5ol S Glg s 4 x5 L
S S lann s S sy 5e 55 0pSU
Glan ;S edes slags 5 2 Ol oo
ol iy Pl = 50 S35
S BT
Slagdesls S5 w2, S ()
sk 5wl ol Bl
wdla SopsSls g ars
3315 0 S3lwaingy Sl J

dﬁﬁd;—ag):l}rswjﬂl@l

Y

L laazd, S5l gl (a8 somme Jus oo
3 e sl iambe Sl eslind
S Gl e gl 5 05 e sl
S o S LS e 513 sl 5 50
Sa3 gl S sileans b
B @Blj sbos J.JL\M G .Lﬂjsda Lf‘?‘}”
e T e e I T e
odzmn Dl SIS Glaetes o35
5 e ol sla s, by Las
Sla s, S8 s J> J;.l_"e Jslie
S5 wu S e Il (5leangs
el ise g eles Sl wey ol s
2 s sl S5 e, S el
bl = oloag gl fs, Ole
Olge a5 Cowlos S 5L o2 4 ooy
Pl J>= Gl LS 5 J5e Sy S
3 e ol gl oz s ek
baa oS ol o Sl 4 nikiga
Loea a3 )8 bl osle Slewloe Ll
Pya 5 eliSogdme Dl
J{‘LQJL;«J 3gdoes |y L@_,T‘f':m;- T{%t
55 p—’iuﬁ‘ Sedes bl

L bl glac sl S5 o, S
dolise Solwang 5 e sleds)
&l Q‘J 3l glaads o aalsl s .0 ls

:Cﬂw‘ ol a)L.'Z\



plem o33l Gt 53 (o Sl Sl aslizal L o e e iS5 3,855 b oS5 02508 5 S0 55 (Slaglin o)

St s Sl (6,500
5 80ee 3 g 53 Ll g 0 5550
o) AL 5 55 S i
OYM LK
S Olidow
L OYAD) psbaw 5 SbewS
4 Frean s a5l eslal
slacs o galasl MJ} g
@l Llas  0,g Jlsler Slosl s
Gl LSUIK &S sl Ol G
sUls Fian s S e
Loablae ¢l ) b glacs e
4 S (SanSli s 5 solal slgla
l5i—ely3) cdas o el OB, sl
0 (\YAD) (S wessr 5 BT OYA e
Sheslinal b sYsd cwd Ly) s
E amlie 5 piae rae e
S e :S0ks O3 S5 255 s b O
Loy domg ol a5 sl | azill
A G 3 e e 42 e S
SO e gl 5 Ll e fes
Spte Sk Ogew S5 555 )
ol 208l a2l
amlie & 55 OYAD) OLas 5 3l

23 Frear s 5 S e iy,

* Auto-Regression Integration Moving
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“Mean Absolute Error (MAE)

19

oSk 5 Tl Glhes s ke Slae
ooz oarle Gas g e s

Sias sls 13 andlas syee O S

b odal Gz 4 s (i

5 3l 13 e 1, (Y0 T
3k sl e 5l 5y eslinal gl a5
Cad cad 33151 Aoy 5 B e33L) LIL
o Sl et JUS 53 (g as 331
S e S L@j C;‘j BEREEY M@)lf Jde
Ol Sl eslinal et 1y oS 5 sl o
5 LS Losed nd ool la pane

S eSOl

IS S el e Bl

Sied el osebs glagn, S

L armls osde comme o pa

S o2l s J.ﬁ.wi Sl

L g ol &S15l Jde 55 05 05 45151 4Bl
ol pasls 5l Gl iy e OUT

3 glasl Sl L O s 5 e
Sy edd an S b

G slaand

e Sed s S, Wyl 4B

3l eslazad L K55 (,.:._».)jﬂl 5 Syern

"Mean Absolute Percentage Error (MAD)
“Mean Square Error (MSE)
“NASDAQ Stock Exchange
54
Roh
*Garch
*Qianli, et al



plew o33k i 03 o Slans Sl oslinl b o san e K5 S, b oS5 2, S5 K5 sl

aeloes Tt Ao Gl 50 Sl
Lo fis nl Gm 3l et 03 S
Ly et LA ey ¥ O o n B0
3o iy gl Jl sje s oS

o3 S Ol Gl Gl o
s sl Jhe gleesly
53 sl Sl esliad b o pean
o b MATLAB s i3l 5 Lams
<, 50 Net Lab Toolbox 3| :nux
RISY NP TR S FENCI P
Genetic Toolbox ;| eslizul L S
bow s wsasl s 5 Algorithm

ool s1i -1 b MATLAB

“Mean Absolute Percentage Error
(MAPE)



AT Dl B (gl o¥ 0333 Y 05lod i 55 Sy ks oorkige ok dlmen (028 oy oSl 51T K5

o JjL.\..AL;\J...J}U:.a :ﬁw &Lu')l sbaslas :(V) Jsd

MAPE MAE R’ NMSE RMSE MSE
100 p _ 1 p - 2 p _
e Yp=1ldp —zp . caprpy Yp=1(dp fp) °_(dp — 7p)’ Yp=1(dp — zp
Pz P - Yoo (dp—dp? [T p | P

p
P

2.
p=1

dp

Yp=1(dp—dp)?

(YA oy S £33 e

Ulge 4 bl aed 534S ol

—CSLE YVY Gl LS el el

W)JJ&.%CASJJOVQL:«)\OJ){L;%

CX S T TRCK SR PR EEN I

ﬁubw‘ck;sj.ﬁ:*\ c}bW}de

S IPSIIESP PSRRI PP IVARE

B oo ) e glacs s an S

d‘)}‘ oo DL PR e 4.:3]_:_.,\.3 ‘_QLACASJ.&
Lilys Sl as Ghse 03 0L bl

DA oo 050 O3l cpl s tling 25

=

15 e

TS e R e ples 2 ()

‘;{%m c&iﬁj 46‘%\) Lth

sl Sl 5 SOL

Y4 LA&;SJ..:' L;LA 093 QLiLi (Y

onJL;EfUS@}a)ﬁMJ

AR

o3l Jbo Lo a5 (oS

Ll

bl L5055 5ol anels

Odews 5 SR 05 onl el ) ske 4,

sl Objsjj‘é;)}é.} 350 il
g Wb plew o3k o Jse bl
OF o oSl dlsl 5 plog) 5 s
ooz 03 Jd e mlo Sl s
5 e sl cmo s Gble Sl

Sl Lol slaesls 5 was ol g5k

aal= Olge 4 YT UYAR ladle

e LCE S I3 sy )bl

a8 e Al gla S

.,LJ:L: ):.:..:.1 QJAJT S 90 6@5}‘2 sl

O L e T

bl amslr 3 &S Jlaes e sl

@ ged Olge 4 L5 g ol Ol S

Sl anslr Olon i w50 ol il
Gl bl Jos 4 g S0 5 2

)éjwjhcb.w))dﬁguﬁi\

LS‘J\J Ju“\.a L@,‘ISJ,J: ‘W)J@e-clﬁ.w

Slad A Esly ol ol oS Bl Lol




plem 033b e 53 o (Slaons 3l e3lital b oo yme cnae 4555 S0, b K55 020581 3,80 55 Slamlin 2

Olge 4 Jb glacd ol 5d= 5o GAYAS Slejeyss oo les o (F
).:xiﬁu\j,.x; rL@.« aJJ'L{)JiZMAJ.:i.ZA uﬂ)ﬁ).s‘:}\,u)jkp\Y’ﬁ~
Lledss S 5 glae anealy sl ansls el

LS 5 4 by e JelS vl (F
v\—\:ﬂLJ UAJL\»JJJ

Mbﬁu;%&lﬁﬁ.&a (Y) Jsd

S| tilone o g5 s i Olse
CR Tl i
(&
YT L
QR P
=
FATR RO I NC SO
TATR Pl abls g peme S5 8 o j j‘
La ) 3
4|4
)
ROI Ul S Sl 3
ey 023y S 7 gl 033
NP/E (L) Al ys a Ll 5 e
\
NP/GP
Y Me}ul_'.:f.ﬂyudb'-:}uw
R
L A el s s U ”fLéM o33k ety
k= .
G s el
YAY 3 LS5 63 3 LS 5) 5 OTA (cas S 531) 1min
“Current Ratio (CR)
“Quick Ratio (QR)

“Fix Asset Turnover Ratio (FATR)

“Total Asset Turnover Ratio (TATR)

“Return On Investment (ROI)

“Net Profit to Earning Ratio ( NP/E)

*Net Profit to Gross Profit Ratio ( NP/GP Ratio)
“Returns Stock (R)

Yy




AT Dl B (gl o¥ 0333 Y 05lod i 55 Sy ks oorkige ok dlmen (028 oy oSl 51T K5
u:&_}jg: Jde

Riz = fo+ B1QRi + BoCRi + BsFATR + ByTATR ¢ + 5ROl
+ BsNP/E;r + B;NP/GP; + €
0l s &S
Eale oo b e, plew o23b Ry
tdle ies e ST cws QR
tdl sl es e gl cs CR;
tdle ol es e col gla olls 22 5 eus FATR;
tal i oS b laalls g peme 53 S oos TATRy
I PO PN IR 1) it
t b o es 0 (L h) wals 4 jalls s s oo NP /Ey
EOl ool eS8 a5l s5m 4 (@l 35 cond NP /GPyy
e 5 2,2 Bo
O S5 il 2 B ey By
Qg S5 I e 2 €
oSSk MATLAB i3l 551 osbind S slaasl
33 o Sl R? Ol 5 et | sioms
! 0/544 ,10/08 5 4 Cxo

i 31 03Ul b plgen 033 i ey
s S 3 fes, b M sl

Gadslae Ol e polie (pl 4w L . P
S5 po N g 8 san
Cose al elew o3l sntn SO
RPN 4 by Slubme pbl Sl e
LS5 po Sl 5 (2 sman mae S0

Js 2550 = —4/903 + 13/891QR — 3/418CR - /108FATR + 4/364TATR —
/013ROI — ./295NP/E — ./022NP/GP+=¢;

. 2
LS‘_;-.’ Q.La\ S4sles 56}“’ GL"" LS‘.)‘. R
RSPV IPY Q‘j}j ‘) (‘Lé"*’ "3)'L3 w‘g)’:"ﬁ

Y

A O Sl ls A s
- o33l )5 i Ol s Gl B

Ome s MSE s acilows 5l o 552



plem 033b e 53 o (Slaons 3l e3lital b oo yme cnae 4555 S0, b K55 020581 3,80 55 Slamlin 2

R = -7/836 + 12/931QR — 6/432CR- ./183FATR + 18/722TATR - ./010ROI
- ./850NP/E - ./063NP/GP+z¢;

R Sl 4 OlF s 1 CL@.M o33L e ale 310 w55 aalsl s
"y s mlio gl R O 5 MSE

R= _9/998 + 14/300QR - 5/848CR — ./692FATR + 4/174TATR — ./003ROI
— J260NP/E — J018NP/GP+¢;,

ol s LSS sl ol e bzl et e s &S kil
Sl glagls i a5 ol 800 s oslizal (S5l o, S s S Ol
Rl Al el 5 Se ol 5l e r:i)jij\ (Gl ol 53 el
53 ras gaaSs Sl abol glals el S e 6L Gl s ol
el o 03ls OLES 5 (sla S8 il glas Lasl 5l ey o) S

losls gl ea3l adls yislis 5 awae laaSs g odd s i 033L Sl 50 1)) Sls el

b pls — 550l

Y¥



AT Dl B (gl o¥ 0333 Y 05lod i 55 Sy ks oorkige ok dlmen (028 oy oSl 51T K5

o = a3l n3lie el SuST, Ol 5 2550l Sloesls (gl ol w i polis :(Y) Slsses

b

—L’Z)'}J laosls gl a3l a3ly islis 5 awre oSS Lo 5 ol o i 0350 15 sad (7)) Jlo sl

e s

w—@jb J,.;)U.a )l L@JI ;'\‘Slﬁ Q\j.:a} d..::)j.AT 6[.&5)\.) 6‘)’ ol J'?'Lf:ﬁ J._r')l.id (Y))‘)j.o.r

Jadr 53 sle 5 5l Cmn 93 6l JMJJM&QJJ\ULJJGJ{AEA

k:a.-.u‘ o eb\b QL\:..: (f) b&i g:)‘))..ﬁ.! &QM wa& LSLQ‘L{“‘:'

gl



plem 033b e 53 o (Slaons 3l e3lital b oo yme cnae 4555 S0, b K55 020581 3,80 55 Slamlin 2

Eern s $aasii gl s Sas S5l e slans :(F) Jsier

MAPE MAE R NMSE RMSE MSE o ol

91/976 2/830 0/902 0/058 3/566 3/902 IO

160/412 3/938 0/816 0/011 5/744 71816 Slgs oo
sle

RGN 35 slaasl s

2 2l s b s s sl =SS Sl ey B jslie e
1wl o 0als OLES (0) J s g e KBS r.q)jﬁl Jde > Slas
S5 S e s Shas 2L351 slasbae 1(0) J s
MAPE MAE R® NMSE RMSE MSE CRIE
45/988 1/415 /983 0/029 1/783 1/951 Sk s
80/206 1/969 /936 0/0055 2/872 3/908 Sl Cantn
sle

Jf..,.aj}: slaasl -

St e GUs)l slee £ sl s S s Sy, sl

3 Frear S GSGS B 03 o oon 9 SE5 R g

o3ls Shled (7) dpdr 53 S5 oS L 5
RS P 1

S35 r“a);ﬁ' 5 Frar e saad gl s Shae SU5slslaslas (F) Jgis

MAPE MAE R NMSE | RMSE MSE o ol

91/976 2/830 0/902 | 0/058 3/566 3/902 | b s

160/412 3/938 0/816 | 0/011 5/744 71816 S ge Cmo

45/988 1/415 1983 0/029 1/783 1/951 | 5 cmio

80/206 1/969 /936 | 0/0055 21872 3/908 3 po Cxinn

i gsy slaaily i

77



AT Dl B (gl o¥ 0333 Y 05lod i 55 Sy ks oorkige ok dlmen (028 oy oSl 51T K5

s S Je S osalyl sl

Coa e Ml plew 033l Gl o sae
3 e sslliad g3ledb 55l eslana
L3S IE o e Jde 5 Shes
o s B S e
Sl ot Ll g iy S 5 50l
S5 5 D Mg e s
op Kl s Sles 55y p e
B oa bae ml ie S S
AU 03 A3k e s oS Ui
2 S s Shes 5 S Goless
oslitul S Ad Lasiie (i)l 48 seme
o e by il e gy )
I L B N
- e Y glas S sl il
S pp &S 5 Shas a5 il Gl Ol
L 0o p oS alg s S Iy
Yook aY e S 7 e, V) oY a
p-?w)i” LGS o aY oS
L 5o Jlanl b 5 BP el
dbe p g Olge w Ay b 1SS
plew o3k uite Glr e eSS
-t el A Dl el S V)
M sl 5 sl mlo plew o33l o
s 4 gl S, 5l eslial L

Jsdr b (S5 w5 o g

A%

Sl UFs Gees Ol i ol e

:Jlb‘)\ﬁf)ﬂb‘)jﬁbov\.:Cjbwjé

5 (9 Jsdr @ a5 L Jsl s b

S Jsd JB S w5 0) s
S 3 Sk s e
S 3 elial b gobel wisel sl
sdal S5 o S 5 o pean e
Slaars 2,8 o o3 AL 35 e
(F) dsdor Lol ey 55 L 5 p s 5 090
Slasbne 5 (Soeen ols amlis b
S S amt Ol e s Shes b5
G m Cad S5 wmosS
B} -’)ﬂf. sl (s e S
lpbs el osls S i Il w
DA A5G 550 5 s 5 pd Slaasd b
sal Gy Bl b pimen LS
csSl Jhe (P Jsdr 3 e
S ) S edle ST
@ S ted g Sl p Sl Sl
U5 5 SV Ce sl e SGS
plew o33l uotn Sl SF8 S A
5 el b b Il en g ls, 5

S r O\ A 35

S S 4ot



plem o33l Gt 53 (o Sl Sl aslizal L o e e iS5 3,855 b oS5 02508 5 S0 55 (Slaglin o)

Siass b &S 25 15 At o
ub&m 9 QLU)J:S la.wj.}' o s rbu‘
OV a5 ol 5 (Y4

Slalgis

0 Jd e gy Gaes ) ()
O ol ol odd ol s
2L Sop e 2 L Sy ol
PREI S WP INCR JE RN A

Al rL>_=3\ oy
S Olse elew el pobe ¢l (F
Ll gy e slais, ple
“dde 5 (630 - pean s eSS
28 s ol sladias wile Sllu s sla
@ s 28 edlinl oS5 gladae b
3 s bl b Lo

35 amlie S5 o, Sl

ook ol Sl Jel b a arg L (F
S5 oS S Sl e
(s a4 3 S, 4 S
Sl asls g Fcwle Hlaw gla oo S
SFGH i Ul 5 SV e

slgeig Wl Doyt fo s Gl 2

L sh oo Sl e S i 02 538

25l esuzﬂ\gi,:ﬁjv:{_)ﬂ\ sk

Ul i i3S 5 sl 3, )
@WJ(O) Jsdr 5 (F) o= w a5 L
bl slsbee glp S0 Jis LG
Lol e o33l puiie > Shes
s & S5 0 S o Sl eslinad
L e S Gl SS sl bl
LS 8 013 il 5y 5e o omas S
3 Wblo,e bug ead el lags
alie A3l LS5l OF8Y) el
JMM&QJ#;\L‘VB—@@
S5 A due Jf Jole i
Sl labE 5l &S das e 0L
o dsdr) Gaptn 28es SL3))
oS e Lo plew 35l e
gl 5 Sl ae $SG2 5) SG3s SES
3 033 Slaand B ASb easols
033 mote S ke w4 il e
(S5 slaez, SISl eslinal b el
@ Cewd boplew o33l ST
T A e s S S
5 e baasl L oglks 45 das
WSyl Sl 53 Al (YerV) Ol Kan
S 4 S S5 w2 S 3 S
A 2l s VL e 5 ae
plew ol Gate sl e

ﬁr‘)l{-’: 4-:%).9 Ky Sl 03 9 )‘J‘)j’.'jf

AN



19

AT Dl B (gl o¥ 0333 Y 05lod i 55 Sy ks oorkige ok dlmen (028 oy oSl 51T K5

1) Aghayi, K. and Pourmimri, B,
(2005), “Forecasting Steel Price
Trend Using Artificial Neural
Networks and Compare the
Results with ARIMA Method”,
Quarterly Economic Reviews,
Volume 3, Number 1.

2) Arabmazar, M. and Ghasemi, M,
(2008), “Pricing Initial Public
Offerings:  Combination  of
Artificial Neural Networks and
Genetic Algorithms”, Journal of
Accounting and Auditing, School
of Management, Tehran
University, Volume 16, Number
58, PP: 87-102.

3) Arefi, A. and Dadras, A, (2010),
“Forecasting Stock Returns with
Using Fundamental Analysis
Strategy”, Journal of Accounting
and  Auditing, School of
Management, Tehran University,
Volume 18, Number 65, PP: 79-
98.

4) Azar, A. and Amir, A. and
Parviz, A, (2005), “Compare
Classic Methods and Artificial
Intelligence”, Journal of
Agricultural Science and
Technology, Volume 10, Number
4,

5) Azar, A. and Karimi, S, (2008),
“Prediction of Stock Returns
Using Accounting Ratios with
Neural Network Approach”,
Journal of Financial Research,
No. 28, PP: 3-20.

6) Bildirici, M. and Ersin, O,
(2009). “Improving Forecasts of

7)

8)

9)

GARCH Family Models with the
Artificial Neural Networks: an
Application to the Daily Returns
in Istanbul Stock Exchange”,
Expert Systems with
Applications, 36, PP: 7355-7362.
Bohl, M. and Brzezcynski, J. and
Wilfling, B, (2009), “Institutional
Investors and Stock Returns
Volatility: Emperical Evidence
from a Natural Experiment”,
Journal of Banking and Finance,
Vol 33, PP: 627-639.

Clinch, G, Wei, (2011), “the
Association between Earnings
and Returns and Macroeconomic
Performance”, Journal of
Banking and Finance, Vol 41,
PP: 341-367.

Fakhari, H. and Taheri, E,
(2009), “Relationship between
Institutional Investors and Stock
Return Volatility in Listed Firms
in Tehran Stock Exchange”,
Journal of Research in Financial
Accounting, Second Year, Fourth
Issue, PP: 159-172.

10) Firouzian, M. and Darioush, J.

and  Narges, N, (2010),
“Application Genetic Algorithm
in Prediction Bankruptcy and
Compared with Altman Z Model
in Listed Firms in Tehran Stock
Exchange”, Journal of
Accounting and Auditing, School
of Management, Tehran
University, Volume 18, Number
65, PP: 99-114.



plem 033b e 53 o (Slaons 3l e3lital b oo yme cnae 4555 S0, b K55 020581 3,80 55 Slamlin 2

11) Guresen, E. and Kayakutlu, G.
and Daim, U. D, (2011). “Using
Artificial Neural Network
Models in Stock Market Index
Prediction”, Expert Systems with
Applications, 38, PP: 10389-
10397.

12) Hamzacebi, C. and Akay, D,

and Kutay, F, (2009).
“Comparison of Direct and
Iterative Artificial Neural

Network Forecast Approaches in
Multi-Periodic  Time Series
Forecasting”, Expert Systems
with Applications, 36, PP: 3839—
3844,

13) Hashemi, S. and Saeid, S. and
Tadeh, S, (2011), “Investigation
relationship  Mutual  Factors
Affecting on Capital Structure
and Stock Returns in Listed
Firms in  Tehran  Stock
Exchange”, Exchange Quarterly,
No. 18, PP: 43-62.

14) Hassan, M. R. and Nath, B. and
Kirley, M, (2007). “a Fusion
Model of HMM, ANN and GA
for Stock Market Forecasting”,
Expert Systems with
Applications, 33, PP: 171-180.

15) Haydarizadeh, B. and
Kordlouyi, H, (2009),
“Prediction Stock Price with
Using Neural Networks”,
Management Journal, No. 17,
PP: 4-5.

16) Hejazi, R. and Davoud, J. and
Mahmoud, D, (2010), “Create
Fund of Indicators Have
Improved with Genetic
Algorithm”, Exchange Quarterly,
Year IV, No. 14, PP: 135-157.

17) Karami, Gh. And Boshrouyeh,
S, (2010), “Corporate
Governance and Valuation Firm:
a Model with Using Artificial
Neural Network”, Journal of
Accounting and Auditing, School
of Management, Tehran
University, Volume 18, Number
64, PP: 129-150.

18) Kashanipour, M. and Rezayi, A,
(2010), “Investigation Effect of
Changes in Free Float Shares on
the Stock Returns of Listed
Firms in  Tehran  Stock
Exchange”, Journal of Research
in Financial Accounting, Third
Year, Third Issue, PP: 95-112.

19) Kia, S, (2009), “Artificial
Neural Networks in MATLAB”,
Kian Rayaneh Sabz Publications,
Third Edition.

20) Makian, S. & Mohammad
Taghi. A. & Salim, K, (2009),
“Comparison of Artificial Neural

Networks with Logistic
Regression and  Discriminant
Analysis Techniques in
Predicting F  Bankruptcies”,

Journal of Economic Research,
Year I, No. Il, PP: 141-161.

21) Mashayekhi,  Bita, (2009),
“Effect Macroeconomic
Variables  on Relationship

between Fundamental Variables
are Publications from Financial
Statements and Stock Returns”,
Exchange Quarterly, No. 12, PP:
109-127.

22) Michailidis, G. and Tsopoglou,
S. and Papanastasiou, D, (2007),
“A Comparison between Fama
and French Model and Artificial



AT Dl B (gl o¥ 0333 Y 05lod i 55 Sy ks oorkige ok dlmen (028 oy oSl 51T K5

Neural Network in Predicating
the Chinese Stock Market”,
Computer  And  Operations
Research, Vol 32, PP: 2499-
2512.

23) Monajemi, S. and Mahdi, A.
and  Alireza, R, (2008),
“Prediction Stock Price in Stock
Exchange with Using Fuzzy
Neural Networks and Genetic
Algorithms and Comparison with
Artificial  Neural Network”,
Journal of Some Economic,
Volume 6, Number 3, PP: 1-26.

24) Preminger, A. and Franck, R,
(2007). “Forecasting Exchange
Rates: a Robust Regression
Approach”, International
Journal of Forecasting, 23, PP:
71-84.

25) Qian Li, Linyan Sun. and Liang
Bao, (2011), “Enhanced Index

Tracking Based on Multi-
Objective Immune Algorithm”,
Expert Systems with

Applications, Vol 38, PP: 6101-
6106.

26) Raei, R. and Fallahpour, S,
(2010), “Designing Model for
Active Portfolio Management
with Using VAR and Genetic
Algorithm”, Journal of
Accounting and Auditing, School
of Management, Tehran
University, Volume 18, Number
64, PP: 19-34.

27) Rahmani, A. and Esmaeili, Gh,
(2009), “Performance of Neural
Networks, Logistic Regression
and Discriminant Analysis in
Predicting Default”, Journal of

Some Economic, Volume 7,
Number 4, PP: 145-166.

28) Roh, T. H. (2007). “Forecasting
the Volatility of Stock Price
Index”, Expert Systems with
Applications, 33, PP: 916-922.

29) Russell, S. and Nurvich, P,
(2008), ““Artificial Intelligence
Modern Approach”, Translated
by Rahnemoun, R., Naghous
Publishing, PP: 33.

30) Saiedi, H. and Mohammadi, Sh,
(2010), “Prediction of Volatility
Market with Using a
Combination Garch Models and
Neural Network”, Exchange
Quarterly, Year 1V, No. 16, PP:
153-174.

31) Servati, H. and Kaveh, A,
(2004), “Artificial Neural
Network in Analysis Design of
Structures”, Building and
Housing Research Center, PP:
19-20.

32) Setayesh, M. and Mostapha, K.
and  Mohammadjavad,  Sh,
(2008), “Application of Genetic
Algorithm in Optimization of
Capital Structure of Listed Firms
in Tehran Stock Exchange”,
Journal of Accounting and
Auditing, School of
Management, Tehran University,
Volume 16, Number 56, PP: 39-
58.

33) Tihagan, M. and Bidikos, H.
and Bill, M, (2008), “Design of
Neural Networks”, Translated by
Kia, S, Kian Rayaneh Sabz
Publications, First Edition.



plem 033b e 53 o (Slaons 3l e3lital b oo yme cnae 4555 S0, b K55 020581 3,80 55 Slamlin 2

34) Tsai, P.j, (2009), “Institutional
Ownership and Stock Returns”,
Working Paper, PP: 44.

35) Vakilifard, H. and Vakilifard, M
(2003), “Financial Management”,
Volume 1, Jungle Publications,
Page: 53.

36) Yu, T. H, and Huarng, K,
(2008), “a Bivariate Fuzzy Time
Series Model to Forecast the
TAIEX”, Expert Systems with
Applications, 34, PP: 2945-2952,

37) Zaranejad, M. and Hamid, Sh,
(2008), “Forecasting Inflation in

Iran  Economy with  Using
Artificial ~ Neural ~ Networks
Dynamic”, Journal of Some

Economic, Volume 6, Number 1,
PP: 145-167.

38) Zhang, Y. and Wan, X, (2007).
“Statistical Fuzzy Interval Neural
Networks for Currency Exchange
Rate Time Series Prediction”,
Applied Soft Computing, Number
7, PP: 1149-1156.

Yy



plew 033b (53 o (Slas Sl e3litul b (oo yme cnae 4555 S0, b K55 020581 3,80 55 (Slamlin 2

Investigation Comparison Genetic Algorithm
Approach with Artificial Neural Network Approach
Using Financial Ratios in Precaution Stock Returns

*Dr.Z. Fathi **S. H. Sajadi

ABSTRACT
Investment in the shares offered on the stock exchange in the capital

market is one of the most lucrative options. Market shares of non-
linear systems and chaos species that influenced by conditions
political, economic and psychology and can be nonlinear intelligent
systems such as neural networks, fuzzy neural networks and genetic
algorithms can be used to predict stock returns. In this paper
presents the design of a model for predicting stock returns whit
using financial ratios an artificial neural network and genetic
algorithms approaches and reduce errors in predicting stock returns
has been studied. Then the design and implementation of an
artificial neural network model and genetic algorithms, using six
criteria to predict performance, results of the two approaches are
compared. The results show that genetic algorithm approach to
artificial neural network approach, have a much better predictor and
the higher speed and the ability to predict stock returns has a
stronger approximation.

Key words: Stock Returns, Artificial Neural Network, Genetic
Algorithms, Financial Ratios.
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