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1- QUick Atmospheric Correction
2- Ratioing

3- Texture analysis

4- Band integration

5- Vegetation index making
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1- Normalized Difference Vegetation Index (NDVI)

2- Difference Vegetation Index (DV1)

3 - Green Difference Vegetation Index (GDVI)

4 - Green Normalized Difference Vegetation Index (GNDVI)
5- Green Ratio Vegetation Index (GRVI)

6- Renormalized Difference Vegetation Index (RDVI)
7-Nonlinear vegetation Index (NLI)

8 - Random Forest (RF)
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1- Support Vector Machine (SVM)
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