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Abstract

Nowadays, various online resources are growing and disseminating rapidly.
In order to organize these resources, attempts have been made to use automatic
classification, which often uses statistical algorithms and machine learning.
Recently, attention has been drawn to the use of library classifications. The
main challenge here is that classification is an abstract, thought-provoking
process, and machine techniques and artificial intelligence have not yet been
able to completely replace the human mind. In this paper, we provide an
overview of the importance of automatic classification, machine learning, and
practical algorithms and techniques of clustering and classification like K-
nearest neighbor, Bayesian models, artificial neural networks, deep learning,
and hybrid classifications. Also, the steps of automatic classification of web
pages and the techniques used in each step were mentioned. Achieving a
clearer understanding of automatic classification will enable LIS experts to
communicate with experts in the field of artificial intelligence and computers.
This could pave the way for interdisciplinary research.
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1. manhattan distance
2. hemming distance
3. hyper plane
4. hyper space
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1. Artificial Neural Network (ANN)
2. deep learning
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1. hybrid classifiers
2. cascading different classifiers
3. ensemble classifiers
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1. subject-based
2. genre-based
3. character level features
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1. Lune
2. Porter Stemmer
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. document frequency

. mutual information

. Cross entropy

. odd ratio

. information gain

. latent semantic indexing
. word clustering
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1. Marcella & Maltby
2. SMART
3. profile based classifiers
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. Rocchio

. Linear Least Square Fit

. rule learning based classifiers
if-then

. disjunctive normal form rule
. association rule

. decision tree
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1. direct example based classifiers
2. K-Nearest Neighbors (KNN)

3. Parameter Based Classifiers

4. Naive Bayes
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