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Abstract: Nowadays, electronic word-of-mouth (eWOM) has 
become the primary source of tourism-related information. 
Travelers are increasingly seeking additional information provided 
in eWOM platforms to minimize the complexity and insecurity 
involved in making a purchase decision. However, there still is 
a lack of research on the impact of eWOM on travelers’ green 
hotel booking intentions. Therefore, this study aims to develop a 
theoretical model to examine the effects of positive and negative 
eWOM on travelers’ green hotel booking intentions and provide 
practical guidelines for hotel marketing and policymaking. To do 
this, a model was developed based on the theory of planned 
behavior (TPB) while positive and negative eWOM were linked 
to the model as two new factors. This study utilized a quantitative 
research approach and data collection was performed through 
an online survey questionnaire. Data was collected from 418 
travelers who had the experience of searching on social media 
for collecting travel-related information. The statistical software 
SmartPLS and SPSS were used to analyze the data. Findings 
showed that customer attitudes, subjective norms, perceived 
behavioral controls, and positive eWOM positively influenced 
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travelers’ green hotel booking intentions. In contrast, the influence of negative 
eWOM on travelers’ green hotel booking intentions was not supported. The findings 
of this study can assist hotel managers in social and content media policymaking. 
Meanwhile, they can help policymakers in the tourism industry develop optimum 
policies. This study can provide new capabilities for policymakers to address existing 
challenges and opportunities and promote green practices in the hotel sector.

Keywords: Electronic Word-of-Mouth (eWOM), Green Hotel, Policymaking

1. Introduction

Electronic Word-of-Mouth (eWOM) is any type of unofficial discussion directed 

at other consumers concerning the usage, ownership, or attributes of specific 

services and goods or their providers (Silverman, 2011). Literature shows that 

eWOM plays a progressively critical role in forming consumers’ attitudes and 

purchase decisions. eWOM has increasingly become an essential source 

of information for customers and an exciting topic for marketing and business 

researchers (Zarrad & Debabi, 2015). Hennig-Thurau, et al. (2004) highlighted 

the significance of research into eWOM because customers have the chance to 

post their negative and positive evaluations and experiences for other interested 

users to access.

The impact of eWOM is particularly strong in the tourism industry as tourism 

services are intangible and cannot be assessed before use. Since paying for 

intangible services and products requires higher risk, users rely more on eWOM 

(Albarq, 2014). This proves that the emergence of the Internet and social websites 

has shifted travelers’ behavior in the way that they seek information before making 

decisions for travel (Zhou et al. 2014). Meanwhile, the capacity to decrease 

ambiguity in decision-making and the trustworthiness of the information created 

by consumers are two critical justifications for considering eWOM as an effective 

management strategy for businesses in the tourism sector (Bronner & De Hoog, 

2011). According to a report by May, K. (2014), more than 80% of travelers check 

reviews when deciding which hotel to stay, and 53% believe that they have no 

interest in reserving a hotel without reviews (Prabu, 2014). Therefore, there is a 

need for more research intended to incorporate eWOM into business policymaking 

(Baka, 2016). 
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The hospitality industry is considered one of the most important sectors that 

consumes a substantial percentage of natural resources while producing enormous 

amounts of pollutants and waste worldwide (Asadi et al., 2020). The highest 

amounts of energy consumption have been recorded by hotels in the tourism 

industry (Bohdanowicz, 2005). Thus, more and more hospitality organizations 

have been involved in different sustainable practices to preserve environmental 

resources, protect nature, and get more socioeconomic advantages (Verma, 

Chandra, & Kumar, 2019). Undeniably, customers’ demand for green initiatives 

and services has been rapidly increasing in the hospitality marketplace. Therefore, 

the terms “green”, “eco-friendly”, “sustainability” have increasingly found their way 

in the hotel sector. A green hotel refers to “an eco-friendly lodging operation that 

is proactive in decreasing its hazardous environmental impact and offers guests 

a healthy environment, facilities, and accommodations for their overnight stay” 

(Han, 2015). It is believed that customers’ decision-making processes are directly 

influenced by a green hotel image (Prendergast & Man, 2002). The positive feelings 

and green images of guests can significantly impact their favorable intentions and 

cause positive eWOM behavior, therefore improving benefits in the hotel sector 

(Han, Hsu, & Lee, 2009).

Travelocity.com, Tripadvisor.com, Expedia.com, and Booking.com are famous 

examples of online third-party travel agents that present less biased comments 

with higher reliability (Kim & Hardin, 2010). TripAdvisor has already provided the 

“GreenLeaders” program and got involved in encouraging green habits. These 

can be good resources to promote the word about hotels’ green practices (Lee, 

Jai, & Li, 2016). On the one hand, hotels focus on enhancing their environmental 

performance and offering green services/products to boost travelers’ appreciation 

of green products and encourage them to accept green consumption attitudes. 

Green hotels aim to decrease resource consumption while providing high-quality 

services. On the other hand, travelers have become more and more conscious 

of environmentally friendly hotels. Guests have the rising expectation for hotels 

to consider more green practices. In this trend, eWOM performs a vital role in 

exploring customers’ decision-making and increasing service providers’ revenue in 

the hotel market. So far, many studies have investigated the impacts of eWOM on 

hotel guest satisfaction (Aakash, Tandon, & Gupta Aggarwal, 2021), performance 
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(Mathews et al., 2021; Tseng et al. 2021), users’ segmentation (Yadegaridehkordi 

et al., 2021), and purchase intention (Plidtookpai & Yoopetch, 2021). However, 

investigating the impact of eWOM on travelers of green hotels and their booking 

intentions is still less explored in the literature. Meanwhile, there is a lack of 

research on developing guidelines for tourism policymakers and green marketers. 

Policies can deliver consistency, assistance, and competence on how hotels can 

operate and thus form green rationale among all hotel industry stakeholders. 

Therefore, the aims of this study are: 

�	To identify the impact of eWOM (i.e., positive online reviews and negative 

online reviews) on travelers’ green hotel booking intentions by proposing a 

theoretical model and conducting an experimental study.

�	To provide practical guidelines for hotel marketing and policymaking.

The organization of this research is as follows. The literature review is presented 

in Section 2. Model development is presented in Section 3. Section 4 represents 

the research methodology. Data analysis and Discussions and conclusions are 

presented in Sections 5 and 6, respectively. Section 7 provides implications for 

policymaking. Finally, Section 8 represents limitations and future directions for 

research.

2. Literature review

A summary of the related studies on eWOM and hotel booking intentions has been 

provided in this section. Using the Theory of Planned Behavior (TPB), Ran et al. 

(2021) proposed that having a robust destination image through eWOM can impact 

the intention and attitude of tourists to visit Beijing. Findings indicated a significant 

connection between eWOM credibility and eWOM utilitarian function while eWOM 

credibility meaningfully impacts destination image. Harold Lee, Min, and Yuan 

(2021) focused on the role of eWOM on luxury hotels’ booking intentions. They 

used TBP covering factors such as enjoyment, perceived usefulness, subjective 

norm, and perceived behavioral control. This study discloses how eWOM can 

change purchase intentions of Generation Y. Danish et al. (2019) explored the 

influence of eWOM on perceptions of hotel booking. Data was collected from a 

university in Pakistan.
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Results showed that the volume of reviews, realism, and positive reviews are 

the most important characteristics of online consumer reviews. Trust was found to 

be a mediating factor between the volume of reviews, positive reviews, realism, and 

hotel reservation perceptions. Zarrad and Debabi (2015) studied the connections 

between eWOM and tourists’ intention to travel. Data was collected from travelers 

who contributed to online discussions and traveled to Tunisia. Findings showed 

that eWOM significantly influences intention and attitude to revisit Tunisia (2015) 

studied the impacts of online reviews on hotel booking intention. The findings 

confirmed the effectiveness of positive reviews compared to the negative ones in 

improving booking intentions. Sparks and Browning (2011) explored the influence 

of eWOM on the booking intention of hotels. Results demonstrated that travelers 

are more affected by negative comments. Nevertheless, numerical rating details 

and positive information boosts consumer trust and booking intentions. Generally, 

customers are interested in trusting easy-to-process reviews when assessing a 

hotel. A literature review shows there is a lack of research on the impact of eWOM 

on travelers’ green hotel booking intentions. Therefore, this study aims to address 

this gap by proposing a theoretical model.

3. Model development

So far, TPB has been successfully used to investigate users’ behavioral intention 

in the hotel industry (Lee, Min & Yuan 2021; Ran et al., 2021). In 1991, TPB was 

proposed by (Ajzen, 1991). This theory covers different aspects to predict the 

target behavior of users, such as the intention to reserve a sustainable hotel. TPB 

described that customer Attitudes (ATT), Subjective Norms (SN), and Perceived 

Behavioural Controls (PBC) have significant influences on intention to perform a 

behavior (ibid). 

ATT towards the behavior is “the degree to which a person has a favorable 

or unfavorable evaluation or appraisal of the behavior in question”. ATT consists 

of two aspects: cognitive attitude and effective attitude. Cognitive attitude is a 

user’s belief about an object, and affective attitude is the degree to that a user 

likes it (Yang & Yoo, 2004). Researchers commonly utilize ATT to explain users’ 

behavior, such as intentions to reserve hotels (Ponnapureddy et al. 2020) and 

destination images (Ran et al., 2021). This study expected that ATT positively 
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influences Travelers’ Green hotel booking Intentions (TGI). 

SN is the degree to which an individual is impacted by the beliefs of friends, 

family, and the surrounding environment. SN can significantly predict green hotel 

booking intentions (Kun-Shan & Yi-Man, 2011; Ponnapureddy et al., 2020). In this 

study, it is expected that SN positively influences travellers’ green hotel booking 

intentions. 

PBC is “the perceived ease or difficulty of performing the behavior” (Ajzen, 

1991). PBC is the degree to which a user believes that they can perform a target 

behavior (Ponnapureddy et al., 2020). PBC facilitates the selection of a green 

hotel. In this study, it is expected that PBC positively influences travellers’ green 

hotel booking intentions. Therefore, the following hypotheses are proposed: 

Hypothesis 1: ATT has a positive influence on TGI. 

Hypothesis 2: SN has a positive influence on TGI.

Hypothesis 3: PBC has a positive influence on TGI.

Park, Lee, and Han (2007) confirmed that consumers’ intentions for purchasing 

increase if the value of reviews is retained. They found positive reviews that highlight 

objective assessment, and the product’s effectiveness can positively influence 

customers’ behaviors. According to Bulchand-Gidumal, Melián-González, and 

Lopez-Valcarcel (2013), online reviews have a significant and positive influence 

on the bookings intentions of the hotel. Therefore, online communications need 

to be handled as an appropriate communication channel. According to Vermeulen 

and Seegers (2009), negative reviews negatively impact hotel bookings and 

even attitudes towards hotel bookings. Generally, how travelers recognize the 

credibility of the website’s information can significantly impact online bookings of 

hotels. Encouraging reviews positively influence the hotels’ ratings, and negative 

comments impact vice versa (Sparks & Browning, 2011). Meanwhile, the theory of 

negative effects shows that users are more discouraged by negative comments in 

comparison to a positive one. In this study it is expected that positive eWOM has 

positive influence and negative ones has negative influence on travellers’ green 

hotel booking intentions. Therefore, the following hypotheses are proposed: 

Hypothesis 4: Positive eWOM has a positive influence on TGI.

Hypothesis 5: Negative eWOM has a negative influence on TGI.

Figure 1 illustrates the theoretical model of this study.
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Hypothesis 4: Positive eWOM has a positive influence on TGI. 
Hypothesis 5: Negative eWOM has a negative influence on TGI. 
 
Figure 1 illustrates the theoretical model of this study.  
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4. Methodology 
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presented in social media for their previous travels. Therefore, a filtering question was put at 
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questionnaires makes the process of data collection faster and more effective. Respondents 
were asked to select their favorite responses from a five-point Likert scale ranging from “1 
strongly disagree” to “5 strongly agree” (see Appendix 1). The questionnaire was divided into 
two parts. The first part covered respondents' demographic information (such as age, gender, 
and travel platform), and the second part contained (21) questions related to the factors. 
Questions for each factor were adopted from previous related studies and modified to match 
with the aim and scope of this study. Four questions of ATT were adopted from (Berné Manero, 
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 Figure 1. Theoretical model

4. Methodology

The focus of this study for data collection was users who rely on tourism-related 

information presented in social media for their previous travels. Therefore, a 

filtering question was put at the beginning of the questionnaire to identify the exact 

target population. The question was “If the respondents searched on social media 

for collecting travel-related information.” The online questionnaire was created by 

Google Forms, and the links of questionnaires were distributed through social 

media (Facebook, Instagram, etc.). By using online questionnaires, the exact 

samples who are Internet users were directly targeted. Meanwhile, employing 

online questionnaires makes the process of data collection faster and more 

effective. Respondents were asked to select their favorite responses from a five-

point Likert scale ranging from “1 strongly disagree” to “5 strongly agree” (see 

Appendix 1). The questionnaire was divided into two parts. The first part covered 

respondents’ demographic information (such as age, gender, and travel platform), 

and the second part contained (21) questions related to the factors. Questions for 

each factor were adopted from previous related studies and modified to match 

with the aim and scope of this study. Four questions of ATT were adopted from 

(Berné Manero, Ciobanu, & Pedraja Iglesias, 2020), three questions of P eWOM 

and three questions of N eWOM were adopted from (Danish et al., 2019), three 

questions of SN were adopted from (Ponnapureddy et al., 2020) and (Zainal, 

Harun, & Lily, 2017), three questions of PBC were adopted from (Ponnapureddy 

et al., 2020), and four questions of TGI were adopted from (ibid) and (Doosti et al., 
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2016). Finally, after five weeks, 425 questionnaires were successfully gathered. 

After excluding uncompleted questionnaires, 418 usable questionnaires remained 

to evaluatethe proposed model. As presented in Table 1, 71% of respondents 

were male, and 29% were female. Most of the respondents were aged 31-40 

years old (30%), 27% were aged 20-30, 24% were above 40, and 19% were under 

20 years old. 60% of respondents used TripAdvisor, 24% Booking.com, and 16% 

other platforms for collecting travel-related information. 

Table 1. Respondents’ profile

Demographics Groups Frequency (Percentage%)

Gender Male 298 (71%)

Female 120 (29%)

Age Under 20 80 (19%)

20- 30 113 (27%)

31-40 125 (30%)

Above 40 100 (24%)

Travel-related Platform Booking.com 102 (24%)

TripAdvisor.com 250 (60%)

Other 66 (16%)

5. Data analysis

Partial Least Squares-Structural Equation Modelling (PLS-SEM) was used to 

test the hypotheses. Hair Jr et al. (2016) recommended that PLS-SEM consist of 

two phases: measurement model assessment and structural model assessment. 

Data analysis was performed using Smart PLS software. Cronbach’s Alpha (CA) 

and Composite Reliability (CR) were checked to verify the construct reliability,. 

Average Variance Extracted (AVE) was performed to verify convergent validity, 

while discriminant validity was performed using two approaches (Fornell & Larcker, 

1981) and (Chin, 1998). The factor loadings should be significantly greater than 

0.7 for all constructs (Hair et al. 2010). Similarly, CA and CR should be greater 

than 0.7 for all constructs for acceptable construct reliability. All constructs should 

show an AVE of higher than 0.5 (Fornell & Larcker, 1981). According to Table 2, 
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all factor loadings, CA, CR, and AVEs reached acceptable values, and thus items, 

construct reliability, and convergent validity are achieved. 

Table 2. Factor loadings, CA, CR, and AVEs

Constructs Items Factor 
loadings

Cronbach’s 
Alpha

Composite 
Reliability

Average 
Variance 
Extracted 
(AVE)

Customer attitudes (ATT) ATT 1 0.840 0.869 0.910 0.717

ATT 2 0.881

ATT 3 0.850

ATT 4 0.815

Negative eWOM N eWOM 1 0.892 0.839 0.903 0.757

N eWOM 2 0.898

N eWOM 3 0.819

Positive eWOM P eWOM 1 0.868 0.781 0.873 0.697

P eWOM 2 0.867

P eWOM 3 0.765

Perceived behavioral 
controls (PBC)

PBC 1 0.899 0.878 0.924 0.803

PBC 2 0.895

PBC 3 0.895

Subjective norms (SN) SN 1 0.847 0.877 0.916 0.732

SN 2 0.843

SN 3 0.894

SN 4 0.837

Travellers’ Green Hotel 
Booking Intentions (TGI)

TGI 1 0.909 0.920 0.943 0.806

TGI 2 0.895

TGI 3 0.923

TGI 4 0.864

For discriminant validity, the AVEs’ square root for each construct needs to be 

higher than the joint correlations with other constructs in columns and rows (ibid). 

Meanwhile, all constructs need to have higher factor loadings than the cross-

loadings in columns and rows (Chin, 1998). Tables 3 and 4 show the discriminant 
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validity of the model in the item and construct levels. Additionally, the “heterotrait-

monotrait ratio of correlations (HTMT)” recommended by Henseler, Ringle, and 

Sarstedt (2015) was checked in this step. According to Table 5, all values are less 

than a threshold of 0.85. Thus, the validity of the measurement model has been 

confirmed. Figure 2 shows the result of measurement model evaluation. 

Table 3. Item discriminant validity (Fornell & Larcker, 1981)

 ATT SN N eWOM PBC P eWOM TGI

ATT 0.847      

SN 0.647 0.855     

N eWOM 0.544 0.493 0.870    

PBC 0.694 0.528 0.459 0.896   

P eWOM 0.507 0.426 0.453 0.399 0.835  

TGI 0.578 0.525 0.435 0.536 0.456 0.898

Table 4. Construct discriminant validity (Chin, 1998)

 ATT SN N eWOM PBC P eWOM TGI

ATT 1 0.840 0.508 0.489 0.639 0.414 0.426

ATT 2 0.881 0.576 0.522 0.611 0.448 0.562

ATT 3 0.850 0.573 0.482 0.576 0.430 0.464

ATT 4 0.815 0.531 0.348 0.529 0.422 0.488

N eWOM 1 0.466 0.451 0.892 0.405 0.390 0.369

N eWOM 2 0.507 0.430 0.898 0.473 0.354 0.401

N eWOM 3 0.445 0.405 0.819 0.312 0.444 0.363

P eWOM 1 0.415 0.346 0.348 0.333 0.868 0.391

P eWOM 2 0.414 0.377 0.377 0.339 0.867 0.390

P eWOM 3 0.443 0.344 0.414 0.327 0.765 0.359

PBC 1 0.606 0.476 0.409 0.899 0.336 0.459

PBC 2 0.673 0.512 0.437 0.895 0.414 0.496

PBC 3 0.584 0.430 0.386 0.895 0.320 0.483

SN 1 0.552 0.847 0.452 0.516 0.368 0.460
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 ATT SN N eWOM PBC P eWOM TGI

SN 2 0.489 0.843 0.362 0.361 0.322 0.449

SN 3 0.622 0.894 0.427 0.492 0.365 0.472

SN 4 0.549 0.837 0.448 0.433 0.407 0.411

TGI 1 0.545 0.498 0.389 0.485 0.494 0.909

TGI 2 0.488 0.410 0.344 0.438 0.369 0.895

TGI 3 0.498 0.478 0.420 0.487 0.404 0.923

TGI 4 0.539 0.490 0.403 0.509 0.361 0.864

Table 5. Heterotrait-Monotrait Ratio (HTMT)

 ATT SN NeWOM PBC P eWOM TGI

ATT       

SN 0.739      

N eWOM 0.636 0.576     

PBC 0.796 0.600 0.531    

P eWOM 0.617 0.517 0.565 0.482   

TGI 0.639 0.581 0.493 0.594 0.536  
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Figure 2. Measurement model 

After checking the measurement model, the structural model should be assessed by calculating 
path coefficients (b), t-values (t) and p-values (p), effect size (f2), and R2. R2 shows the amount 
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4.058, P=0.000) and P eWOM (β= 0.166, t-value= 3.509, P=0.000) positively influenced TGI. 
Therefore, H1, H2, H3, and H4 were accepted. However, H5 was rejected and N eWOM did 
not show significant influence on TCI (β= 0.068, t-value= 1.506, P=0.132). Results of 
hypotheses evaluation are shown in Figure 3. 
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Figure 2. Measurement model

After checking the measurement model, the structural model should be assessed 

by calculating path coefficients (b), t-values (t) and p-values (p), effect size (f2), and 

R2. R2 shows the amount of variance in the TGI construct caused by its predictors 

(ATT, SN, PBC, positive comments, and negative comments). R2 values of 0.67, 

0.33, and 0.19 are considered substantial, moderate, and weak, respectively 

(Chin, 1998). The R2 value of TGI was 0.425, meaning that the proposed model 

represented enough predictive power. Results of hypotheses assessment were 

showed that all hypotheses were accepted except H5. According to the Table 6, 

ATT (β= 0.193, t-value= 3.447, P=0.001), SN (β= 0.187, t-value= 3.927, P=0.000), 

PBC (β= 0.205, t-value= 4.058, P=0.000) and P eWOM (β= 0.166, t-value= 3.509, 

P=0.000) positively influenced TGI. Therefore, H1, H2, H3, and H4 were accepted. 

However, H5 was rejected and N eWOM did not show significant influence on TCI 

(β= 0.068, t-value= 1.506, P=0.132). Results of hypotheses evaluation are shown 

in Figure 3.
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Table 6. Hypotheses results

Hypotheses Sample 
Mean (M)

Standard 
Deviation 
(STDEV)

Path 
Coefficients

T Statistics 
(|O/STDEV|) P Values Result

ATT -> TGI H1 0.194 0.056 0.193 3.447 0.001 Accept

SN -> TGI H2 0.189 0.048 0.187 3.927 0.000 Accept

PBC -> TGI H3 0.200 0.051 0.205 4.058 0.000 Accept

P eWOM -> TGI H4 0.169 0.047 0.166 3.509 0.000 Accept

N eWOM -> TGI H5 0.068 0.045 0.068 1.506 0.132 Reject

PBC -> TGI H
3 

0.200 0.051 0.205 4.058 0.000 Accep
t 

P eWOM -> TGI  H
4 

0.169 0.047 0.166 3.509 0.000 Accep
t 

N eWOM -> TGI  H
5 

0.068 0.045 0.068 1.506 0.132 Reject 

 

 

 
 

 

 

 

 

 

 

 

Figure 3. Path analysis results 
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6. Discussions and conclusions

The wide availability of Internet technology has fundamentally changed how 

travelers book hotel accommodations. Therefore, the hotel sector has also 

emphasized online marketing management (Xie et al. 2011). An industry such 

as hotel industry offers services and products that travelers cannot experience 

their features or quality before purchase. In this situation, eWOM plays a key role, 

and users are more interested in sharing their experiences on social websites 

(Kang & Schuett, 2013). Nowadays, more and more hospitality organizations 

have been involved in different sustainable practices, and the demand for green 

initiatives and services has been rapidly increasing (Verma, Chandra & Kumar 

2019). However, investigating the impact of eWOM on travelers of green hotels 
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and their booking intentions is still less explored in the literature. Meanwhile, there 

is a lack of research on developing guidelines for tourism policymakers and green 

marketers. Therefore, this research aimed to identify the impact of eWOM on 

travellers’ green hotel booking intentions by proposing a theoretical model and 

conducting an experimental study. Meanwhile, providing practical guidelines for 

hotel marketing and policymaking is another aim of this study. Guidelines can be 

considered as policies that can deliver consistency, assistance, and competence 

on how hotels can operate and thus form green rationale among all hotel industry 

stakeholders. To do this, a theoretical model was developed based on TPB and 

P eWOM, and N eWOM was linked to the model as two new factors. Data was 

collected from 418 travelers who had experience searching on social media to 

collect travel-related information through an online questionnaire. 

Findings showed that four out of five hypotheses were accepted. ATT, SN, 

PBC, and P eWOM positively impacted TGI. In contrast, the negative impact 

of N eWOM on TGI was not supported. Similarly, Ponnapureddy et al. (2020) 

found that ATT and SN significantly influenced intention to book the hotel through 

perceived benefits. SN is the opinion of individuals who are valuable to the user 

and believe they should do or ignore a specific behavior. Husin, Ismail, and 

Ab Rahman (2016) found that SN is created by eWOM and can significantly 

influence hotel purchase intention. However, this outcome differs from Plidtookpai 

and Yoopetch (2021), which did not confirm SN’s significant influence on hotel 

purchase intention. PBC is the ability of users to manage a given behavior. Goh 

(2015) found a positive impact of PBC on the intention to reserve accommodation. 

Wijayaningtyas, Handoko, and Hidayat (2019) realized that PBC could influence 

greenhouse purchase intention in two ways. Firstly, customers consider perceived 

difficulty, which may be challenging for them to buy eco-friendly houses. Secondly, 

they consider perceived benefits that gain both health and financial advantages 

when purchasing an eco-friendly home. Alhidari, Iyer, and Paswan (2015) defined 

eWOM as “any positive or negative statement made by potential, actual, or former 

customers about a product or company, which is made available to a multitude of 

people and institution[s] via the internet”. They found that eWOM has a positive 

relationship with purchase intentions. Aprilia and Kusumawati (2021) and Zarrad 

and Debabi (2015) confirmed the positive impact of eWOM on visitors’ intentions. 
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This study found a positive influence of P eWOM on the GTI. Similarly, Sulthana 

and Vasantha (2019) realized that information credibility and attitude towards 

eWOM significantly influence engagement in eWOM and increase purchase 

intention. Danish et al. (2019) found a meaningful influence of positive comments 

on customers’ booking intention. However, the impact of negative online reviews 

on booking intention was not supported. Tseng et al. (2021) studied the effect of 

eWOM on the performance of hotels and concluded that forms of online consumer 

reviews do not directly impact hotel performance. However, negative eWOMs are 

concerns of many brands and advertisers. They frequently contribute to eWOM 

communications by replying to negative online reviews and fixing the problem for 

an angry customer.

7. Implications for policymaking

Results of this study can provide helpful insights to make appropriate decisions 

related to management, policymaking, marketing strategy, and the expansion 

of tourist destinations. Hotels can improve consumer review management by 

considering the fundamental factors found in this study and eventually boost 

travellers’ hotel booking intentions. This study found that positive eWOMs 

positively influence the behavior of travelers, while the negative impact of negative 

comments was not supported. This result does not mean that negative reviews 

are safe. Considering the increasing importance of eWOM, corporations need 

to be conscious that hiding online reviews written by customers is not a logical 

solution for managing negative feedback (Danish et al., 2019). In this situation, 

there are many ethical solutions or methods that will not even harm the company’s 

reputation. The destination managers and policymakers can manage this situation 

by discovering the factors responsible for these behaviors among travelers. For 

example, hotel managers must react to all positive and negative forms of review 

comments. In particular, they need to appreciate travelers for taking the time and 

effort to share their experiences and opinions on online travel-related websites. If 

a comment is not favorable, the company can express that they will consider this 

opinion and learn about this experience (Zarrad & Debabi, 2015). In this situation, 

hotels should apologize for logical objections and clarify what measures they will 

consider solving the shortcoming because public acknowledgment of a problem 
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establishes a good reputation. These behaviors make travelers feel they are being 

accepted and enhance their trust and return intention. Undeniably, hotel managers 

should identify which sort of experience can trigger positive eWOM significantly 

(Albarq, 2014).

Providing a positive experience of green services (offering energy-efficient 

appliances and furnishing rooms sustainably) can influence tourists positively 

in which they wish to visit again and put positive comments to encourage other 

potential tourists (Berné Manero, Ciobanu & Pedraja Iglesias 2020). To encourage 

hotel guests to be thankful for green initiatives, a hotel manager should inform and 

educate travelers about provided green services. Without complete information, 

the travelers will not realize the green benefits and complain more about them. To 

inform the guest about green practices, hotels can provide complete information 

on their websites or design cards, brochures, and disclosures at the front desk. 

Generally, appropriate management of eWOM can significantly improve hotel 

performance. In this regard, hotels are recommended to hire full-time experts to 

handle online reviews and analyze their influence on their performance (Sparks & 

Browning, 2011). As participants’ favorable attitudes to select green hotels mainly 

depended on the opinions of friends, family, and colleagues/co-workers, green 

hotel’s managers and all involved parties are advised to enhance the perceptions 

of green hotels of the target population.

From the theoretical side, this study contributes to the body of knowledge 

by developing a theoretical model to examine the factors that influence the hotel 

booking intentions of travelers. While the concepts of green hotel and eWOM 

have received significant attention in the previous research, far less attention 

has been paid to exploring the direct impacts of positive and negative eWOM on 

travellers’ booking intentions. Since the theoretical development in this context is 

still early, proposing this model is the most essential contribution of this research. 

The proposed model and its associated constructs can help hotel managers and 

policymakers successfully initiate green practices. 

8. Limitations and future directions for research

This study followed a quantitative research approach to identify the roles of 

positive and negative eWOM on travelers’ behavior towards green hotels. Future 
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research can be conducted based on mix method approach by incorporating 

qualitative methods. The mixed approach assists in collecting in-depth information 

about tourists’ behavior using interviews or focus groups. Future studies can 

implement soft computing or multi-criteria decision-making techniques to uncover 

the complex relationships between factors. In this way, factors can even be 

ranked based on their level of importance. Reviews generated by customers are 

an excellent source of information that can provide enormous understandings of 

what customers prefer and hate about a product or service. Therefore, analyzing 

available comments and ratings on social media using data mining techniques 

can be another direction for future research. This can help to extract useful 

information from big datasets and convert them into meaningful rules and policies. 

This study collected data from end-users who are the traveler. In future research, 

hotel decision-makers and owners can be target populations. This can help green 

hotels benefit eWOM management, supported by trained staff and a strategic plan. 

Finally, by considering other factors, the theoretical model of this study can be 

extended in future research. It is suggested to policymakers in the hotel industry 

to implement the guidelines proposed in this study in real situations and examine 

the outcomes they achieve. This can help modify or improve the existing policies 

and improve the policymaking processes. 
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Appendix 1. Items of the questionnaire

Factor Items References

ATT 1. I think that using eWOM is very good for selecting 
green hotels

2. I think that using eWOM facilitates obtaining better 
results

3. I have a very positive opinion about the green hotels
4. My intention is to continue selecting green hotels 

(Berné Manero et al., 
2020)

P eWOM 1. I pay more attention to positive reviews 
2. Positive reviews are of more values 
3. I pay more attention to hotels that have a larger volume 

of positive reviews

(Danish et al., 2019)

N eWOM 1. An abundance of negative reviews will make you dislike 
a hotel 

2. Negative reviews will terminate my booking intentions 
3. I will not book a hotel if any negative reviews about it 

are spotted

(Danish et al., 2019)

SN 1. Most people who are important to me would approve 
of my decision to book the green hotel for my next 
vacation

2. People whose opinion matters to me would prefer that I 
book the green hotel for my next vacation

3. In my situation, most people would book the green 
hotel for their next vacation

4. I would rely on the recommendations made by other 
travelers

(Ponnapureddy et al., 
2020)
(Zainal et al., 2017)

PBC 1. Giving up something of my needs and wants
2. Spending more money than I usually do for vacations
3. Spending more time and effort for booking than I 

usually do

(Ponnapureddy et al., 
2020)

TGI 1. I intend to book the green hotel for my next vacation
2. I would indeed book the green hotel for my next 

vacation
3. I recommend other tourists to select green hotels for 

their travel
4. In general, I wish to book the green hotel someday in 

the future 

(Ponnapureddy et al., 
2020)
(Doosti et al., 2016)
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