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2- Canopy Height Model (CHM)
3- Treetop

4- LiDAR
5- Structure From Motion

6- Individual Tree Crown Detection and Delineation
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1- Unmanned Aerial Vehicle
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1- Valley-Following
2- (RG) Region-Growing
3- (IWS) Inverse Watershed Segmentation
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2- Digital Terrain Model
3- Digital Surface Model
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1- Local Maxima
2- Template Matching
3- Image Binarization
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3- F-Measure
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5- Over-Segmentation
6- Under-Segmentation
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