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4. Value-at-Risk (VaR)
5. Backtesting
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1. Hamilton (1983)

2. Mork (1989)

3.Value at Risk

4. Extreme Value Theory (EVT)
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1. Longin (2000)

2. Dacorogna et al (1995)

3. McNeil and Frey (2000)

4. Krehbiel and Adkins (2005)

5. Manel Youssef et al (2015)

6. Cabedo and Moya (2003)

7. Hung et al (2008)

8. Fan et al (2008)

9. Historical Simulation with ARMA forecasts (HSAF)
10. Generalized Error Distribution (GED)
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1. Mohammadi and Lixian (2010)
2. Christoffersen (1985)

3. Kupiec (1995)

4. Lopz Loss function

5. Diebold-Mariano Test
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1. Auto Regressive Moving Average (ARMA)
2. General Auto Regressive Conditional Heteroskedastisity (GARCH)
3. Long-run Variance
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1. Autoregressive Conditional Heteroskedasticity (ARCH) Term
2. Integrated GARCH Models

3. Engle and Bollerslev (1986)

4. Asymmetric GARCH Models



\VaA UL".NU Ap oJLa..i: ‘r'.‘...ﬁ Ju U‘JJJ ASJJ“ szl ML.....Q)J: \OA

Sl 555 on odalie | o al 3 S Mol LIl oyl 55 s a (S35 e 2alS
SEGARCH (TARCH i sLa U151 b 5 il sls 05L8 pbs cl 0315 0L

O i) 35 e o3lizal (5,505 3,00

Sy B o 55 G5 ko 3=

PP BS 53 S pede d wam  LidlS Sy Bre 53 )
23 oo el S5 030 dbe s 6 58 L il il Dl it w555 sl e
13 g g dslon 113 Oy g 4 Ky 5 e
VaR, =—R (i -6,Z,) (f)

Ol fhy a5l Slie B o T 0555 &Sy om0 i)l VAR, o
233l Jbs 5 i sl Zy 5T ey3 53 035U slme Ol 2l gy oo jo 033l
Jlej o5 mslan 31 oS5 O8RF 0L 5 i ) il o V= Dbl el
g (6 o o 4ndd 4 S 03 Je 5 b 35,5 e 5L OT (b late 4 03 s
S S m 5348 35155 )l SV Lazt 5 ST 5550 55 o andd ) 5 250 00
(o) oo Sl 655 4 b csim ol bl o 0o 53 il Sl 3 J&s o
Dl s dleil S8 (Saas hls La e 5l (5 45 ol s dis 135 4l o
bt 5 gLl dna Jle a5 an Sl 6 S sladlos (JoLe
3 dl>ew) »J_?VaR 3ol S ol sT 4 e .x_;l}:u_»‘cdéld ;4.:;5
YAy oL s

(S5 S e 10 5 250 a5 Sl sl Ly Sy 6 me 53 251 @
Joe b basliz 5 g5 pl 3l (0 3) (gl glaslas 5 Ll se 53 (6 b SNSCEe
(5l s o) 03 5oL s a4y 58 sl £ 585 D)5 3 (T3

Sl Al oo 13555 5 (VL Oliabl ot 1 5 (Sl s 4 b g o sl )sT

1. Leverage effect

2. Glosten et al (1993)

3. Central Limit Theorem
4. Excess Kurtosis
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1. Location Parameter

2. Scale Parameter

3. Shape Parameter

4. Conditional Extreme Value
5. Frey & Mc Neil (2005)
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1. Marimoutou et al (2009)
2. Mi et al (2017)
3. West Texas (WTI)
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1. Kang et al (2009)
2. Adjusted Jarque-Bera Test
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