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1. Zhang et al

2. Multilayer perceptron (MLP)

3. Multinomial Naive Bayes (MNB)

4. Linear Support Vector Classification (Linear SVC)
5. Ensemble (Majority Voting)
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3. Part of Speech Tagging (POS tagging)
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3 Term Frequency Inverse Document Frequency (TFIDF)
4. Information Gain

5. Chi-Square Statistics
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