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1. Phenomena

2.Control Tools

3. Bankruptcy prediction

4. Financial distress

5.0ptimal Solution

6. Rational

7. Decision Making

8. Information Technology

9. Statistical Methods

10. Artificial Intelligence Approaches
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1. Efficiency

2. Financial Ratio

3. Support Vector Machine(SVM)

4. Multiple Discriminant Analysis(MDA)
5. liquidation
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1. univariate
2. multivariate
3. logit

4. probit
5.z-score
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1linearity

2. Normality

3.Independence among predictor variables
4. Pre-existing functional form

5. Neural network
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1. Genetic algorithm(GA)

2. Decision tree(DT)

3. Rough set theory

4. Case-based reasoning(CBR)

5. Support vector machine(SVM)
6. Logistic Regression(LR)
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1. Fuzzy set theory

2. Data envelopment analysis(DEA)

3. Probabilistic neural network(PNN)

4. Self-Organizing Maps(kohonen) (SOM)
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1. Binary Classification

2. Minimum Amount of Error
3.Classification

4. Machine Learning

5. Supervised Learning

6. Generalization
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1. Empirical risk minimization principle(Erm)

2. Structural risk minimization principle(Srm)

3. Correct solution of the training data

4. Minimize an upper bound of generalization error
5. Global optimum

6. Local optimal solution

7.0ver fitting

8. Hyperplane

9.Support vector

10. Inner Product
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1. Overlap
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1. Radial Basic Function(RBF)
2. Discriminator

3. Feature Transformation

4. Covariance

5. Feature Metrics

6. Discriminant Function

7. Eigenvector
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