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2. Decision Tree
3. Neural Network
4. Data Mining
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1. Classification
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2. Prediction

3. Estimation

4. Clustering

5. Cluster Detection Algorithm
6. Genetic Algorithm

7. Nearest Neighboring

8. Apriori Classification

9. Posteriori Classification
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1. Demographic
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1. Node
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3. Minimum Node Size Criterion
4. Maximum Purity Criterion
5. Maximum Depth Criterion

6. Pruning Option
7. Momentum
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1. Train Data
2. Test Data
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1. Absolute Relative Error
2. Mean Squared Error
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1. Support

2. Left Hand Side
3. Confidence

4. Right Hand Side

5. Capture
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Node 3 .
Policy .
Period<12 N
TRUE .
Node 7 .
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Period<11 .

FALSE :

Node § .

Policy M

|| Period>=11 :
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Node 11 N

Insured .

| | amount=1.8E+07 N

FALSE N

Node 13 .
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Premium=24800 N

| |_FALSE :

Node 14 :
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Premmm==24800 N
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Node 12 :
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TRUE :

............. :
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Classification Tree Model — AAatita :
Tree Information :
Number of Training observations 2732
Number of Test observations 874 Total Number of Nodes 33
Number of Leaf Nodes 19
Number of Predictors 6 Number of Levels 10
Class Variable Class % Missclasssified
Number of Classes 3 On Tramng Data 0.07%
Majority Class a On Test Data 0.34%
% MissClassified 1f Majority Class Time Taken
1s used as Predicted Class 32% Data Processing 56 Sec
Tree Growing 3 Min : 36 Sec
Tree'Pruning 0 Sec
Tree Drawmng 1 Sec
Classification using final ree 1 Min : 5 Sec :
Rule Generation 24 Sec Deeveee .
Confusion Matrix Total 6 Min : 3 Sec 191 0beis -
Traming Data Test Data SRRITETETATE:
Predicted Class Predicted Class
True Class a b c True Class a b c
a 1583 1583 a 505 505
b 575 575 b 170 3 173
c 2 572 574 c 196 196
1583 571 572 2732 505 170 199 8§74
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Neural Network Model for Classification
% MissClass.(Training) 14.51% % MissClass.(Validation) 13.47%
Number of Hidden Layers 2
Layer Sizes 11 2 2 3
True Output (if available)
Model Output A
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Income Income Income Income Income Gismisses
Bias level.lo level.avera levelve levelh:1 level.ve "
! ale
w ge ry low gh ry high
Transforme
d Input
Hdnl_ bias 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
Hdnl_Nrnl -15.5528 -3.1816 -2.0158 -7.7086 -1.2370 -1.7267 -6.6269
Hdnl_Nm?2 -3.8321 8.3451 8.3627 35.828 7.3738 8.1817 -2.6685
2
1.0000 #N/A EN/A
Hdn2_bias 0.0000 0.0000 0.0000 | 0.0000
Hdn2 Nml -4.1095 -1.4429 10.4773 =N/A
Hdn2_Nrn2 2.6959 -5.1714 7.6796 | #N/A
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1. Learning Algorithm
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